Kybernetika

Jan Amos Vigek

The least trimmed squares. Part II: /n-consistency

Kybernetika, Vol. 42 (2006), No. 2, 181--202

Persistent URL: http://dml.cz/dmlcz/135708

Terms of use:

© Institute of Information Theory and Automation AS CR, 2006

Institute of Mathematics of the Academy of Sciences of the Czech Republic provides access to digitized

documents strictly for personal use. Each copy of any part of this document must contain these
Terms of use.

This paper has been digitized, optimized for electronic delivery and stamped
O with digital signature within the project DML-CZ: The Czech Digital Mathematics
Library http://project.dml.cz


http://dml.cz/dmlcz/135708
http://project.dml.cz

KYBERNETIKA — VOLUME 42 (2006), NUMBER 2, PAGES 181-202

THE LEAST TRIMMED SQUARES
Part II: /n-consistency
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\/n-consistency of the least trimmed squares estimator is proved under general conditions.

The proof is based on deriving the asymptotic linearity of normal equations.
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INTRODUCTION AND NOTATIONS

The paper is a continuation of [4]. That is why only brief introduction of notations
will be given. For discussion of the definitions and assumptions see Part I.

Let N denote the set of all positive integers, R the real line and RP the p-
dimensional Euclidean space. Moreover, for any set A let A° denote the interior of
the set (in the topology implied by Euclidean metric). We shall consider for any
n € N the linear regression model

Yi=a18"+e, i=1,2,...,n (1)

where Y; and z; = (21, %2, ... ,xip)T are values of response and of explanatory
variables for the ith case, respectively. 8 is the vector of regression coefficients and
e; represents random fluctuation (disturbance) of Y; from the mean value EY;. (To
be complete, let us add that of course ] 3 = Z§:1 zii055.)

Throughout the paper we shall assume that the random variables are defined on
a basic probability space (2, A, P) (other assumptions are given below).

Let us recall that we made (in Part I) one exception from the commonly used
notation. Since in what follows we shall use for the description of sets somewhat
complicated expressions containing moreover indices, we shall write (in many cases)
I {property describing the set A} instead of traditional notation I{pmperw describing
the set A}-

In what follows the definition of the least trimmed squares will be considered in
the form:
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Definition 1. For a compact set K such that the vector of the true regression
coefficients 3° € K° the estimator given as

3(LTS,n.h) —  arg min i 2
g sm Zl (2)

will be called the least trimmed squares (LTS).

It is clear that for given i the squared residual appears in the sum on the right
hand side of (2) iff 7(8) < r{,,)(8), so that we can write equivalently

TSk  argmin Zr { B) < T(h)(ﬁ)} (3)

BeEK

—  argmin Z i—aTa)? 1{r3(8) < 18y (D)}

pekx

Now, denote G(z) the distribution function of e?. For any « € (0,1), u2 will be the
upper a-quantile of G(z), i.e.

P2 >u2)=1-Gu2)=a. 4)
Further, denote by [a]int the integer part of a and for any n € N put
hy = [(1 — a)nling. (5)

Moreover, for any a,b € R we shall denote (a,b)rq = (min{a, b}, max{a,b}) and the
same will be used for the closed intervalb Finally, put @, = 711 S z;x¥ and for
an arbitrary a € (0,1) Qn(a) = 237wl T{r2(8°) <u2}.

Prior to continuing the dlscussmn on the least trimmed squares it is useful to give
the assumptions which will be used in the most assertions.

Assumptions A

The sequences {x;}32, (z; € RP) is a fiz sequence of nonrandom vectors from RP.
Further, the sequence {e;}32, (e; € R) is a sequence of independent and identically
distributed random variables. The distribution function F(z) of random fluctuation
e1 is symmetric and absolutely continuous with a bounded density f(z) which is
strictly decreasing on R™. The density is positive on (—oo,00) and has bounded in
absolute value the first and the second derivative. The second derivative is further
Lipschitz of the first order. Moreover,

Z |2z:|[* = O(n) and Ee] = k4 € (0,00). (6)
Finally,

n—oo
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where Q is a regular matriz (and convergence is of course assumed coordinatewise).

Alternatively to the Assumptions A, we shall use Assumptions B (the reasons for
it were given in Part I).

Assumptions B

The sequences {z;}32, (z; € RP) is a fiz sequence of nonrandom vectors from RP.
Moreover, (7) holds for some regular matriz Q. Further for any n € N

= O(1).
15@'3%1,&5(93;7'96”' oQ) (®)

The sequence {e;}32, (e; € R) is a sequence of independent and identically distributed
random variables with absolutely continuous symmetric distribution function F(z).
There is a neighbourhood of u, in which the distribution F(z) has a bounded density
f(2) which is positive and has bounded in absolute value the first and the second
derivative. The second derivative is further Lipschitz of the first order. Moreover,
the density f(z) is strictly decreasing on R* and Eef = k4 € (0,00).

We have proved (in Part I) that

BETSmh) —  argmin Zr%i)(ﬁ) 9)

P
AER" 34

can be found among solutions of

Xn: [(Yi — a7 B) ;- 1{@(5) < (5)}] —0, (10)

i=1

i.e. that at the point given as the solution of the extremal problem (9) the relation
(10) holds. Notice please that whenever we prove that the estimator given by (2) is
consistent (i.e. exists and converges in probability to 4°), it also solves (10).

Assumptions C

There are distribution functions H(ﬁ)(t),t € R,0 € RP such that for any compact
set W C RP

LR Py CHO @) = o3
;g&fg}gngl{xl(ﬁ B <t} —HY ()| =0(n"2). (11)

Remark 1. Recently it was found that when X;’s are i.i.d. the first supremum in
(11) can be taken over RP, see [5].
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v/n-CONSISTENCY OF THE LEAST TRIMMED SQUARES

Lemma 1. Let a € (0, %) and let Assumptions A or B and C be fulfilled. Then
for any € > 0 and A > 0 there are § = dao > 0 and na, € N such that for all
n > NAe

T(Zhn) (B) - ui

P sup <A|>1-e.
BEB(B,9)

Proof. Let us fix e > 0 and A > 0. Employing Lemma 1 of Part I we can find
a constant K(2) < 0o and n(!) € N so that for any n > n(!) we have

P <sup " (B) — ui(ﬂ)}\ < n-%K@) >1-e (12)

BeK

Let us find na . > n® such that for all n > na . we have n=2 K(¢) < 1A. In the

proof of Lemma 2 of Part I we have shown that there is a § € (0,1) so that for all
B,6 € RP,||B— | <6 we have

ta(8) = ua(B)| < K- 118 = B

Utilizing it for 8 = 3°, we can find § > 0 so that for any 18— B°| < & we have

1
1 () — wa (8] < 1 (13)
Taking into account that u,(8°) = u, and (12) together with (13), we conclude the
proof. O

Assertion 1. Let {e;}2, (e; € R) be a sequence of independent and identically
distributed random variables with absolutely continuous distribution function F'(z).
Then for any n € N and any ¢ = 1,2,...,n we have

PO = 1 (8) = -

Proof. The proof can be found in [1]. Since it is not easy available, let us give it
(moreover, it’s short). First of all, let us recall that for any ¢ # j, i, j = 1,2,...,n
and n € N

P(ri(5°) = r3(8°) = 0.
Due to the fact that the random variables e;’s are i.i.d., we have for all pairs i, j =
1,2,...,n
P(r}(8°) = 1(,)(8%) = P(r}(8°) = 18y, (8%))

and .
> Pr}(B°) =rf, 1 (8%) =1.
i=1

That concludes the proof. O
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Remark 2. The previous assertion shows that under the assumption that the
sequence {e;}5°, is i.i.d., for any n € N the probability space § can be decomposed
on n equiprobable sets such that for each of them it holds that on it the hth order
statistic among e?, €3, ..., €2 is represented by the square of one fix random variable,
say ef for some ig € {1,2,...,n}. It is clear that h — 1 of the other n — 1 random
variables have to be smaller than e and n — h larger than it. Hence these n — 1
random variables are not even conditionally independent, if the condition is e%h) =
e? . Nevertheless we may prove following:

Lemma 2. Let {e;}°, (e; € R) be a sequence of independent and identically
distributed random variables with absolutely continuous distribution function F'(z).
Then for any n € N, any ig € {1,2,...,n} and any h — 1 tuple selected from

the indices {1,2,...,i0 — 1,79 + 1,...,n} the random variables ey, ea,...,€;,—1,
€ip+1,- - -s€n are conditionally independent on the set on which 6120 = e%h) and
e? < e%h) for i € {i1,ia,..., ip—1} while €? > e%h) for i ¢ {io, 41,42, . 0p_1}-

Moreover the conditional density of each random variable (except of e;,) is propor-
tional to f(z) and the rest of the corresponding formula may be bounded by the
same constant over the whole space (2.

Proof. As we have already said, due to the previous assertion for any n € N
the probability space €2 can be decomposed on n equiprobable sets, on each of them
the hth order statistic among €?,e3,...,¢e2, (h € {1,2,...,n}) is represented by the
square of one e;’s, say 6120 for some ig € {1,2,...,n}. Notice that none of the other
n —1 e;’s (i # ig) has a special position among the others, except of the fact that

h — 1 of them are smaller than e(zh) while the others are larger. So, let us select

h — 1-tuple of indices, say i1, 2,...,%,_1 of those random variables, squares of which

will be assumed to be smaller than efo, i.e. €2 < e%h) forj=1,2,...,h—1. By this
J

selection we give also the set of indices, say 4441, ...,14, for which e?

< e?j. Now,
formally the conditional density is the same for all possibilities of segection of h—1
tuples of r.v.’s. So, the probability space may be decomposed into the sets so that
each of them is characterized by

2 _ 2
o e(h) = 61»0

e for the indices i1,%2,...,ih_1 efj < e(zh) while for other indices e%h) < e?j.

Of course, i is successively 1,2, ..., n and the h—1-tuple i1, i, ..., is—1 runs through
all (hr_Ll) possibilities. (It is easy to see that we have n - (hfl) of such sets.) Let us
call this partition S. Now, the conditional density of €7, €3, ... 7630_17 e?O_H, et

under the condition given by the set Sy (say) from the partition S, is evidently
proportional to

h—1 n

2 2 :
1_[1 f(z5) kl;[—s_1 f(zx) for | Jnax 2 <ep and  ef) < pin 2 (14)
j= =

and equal to 0 otherwise. Since the integral of the conditional density over the set Sy
is equal 1, we can even find the constant by which we need to multiply (14) to obtain
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the joint conditional density of e?, €2, ..., 612071, 6220+1’ ...,€2. Since the situation is
fully symmetric in all indices, the conditional density is formally the same on all
elements of the partition S. It implies that the conditional density can be bounded
by the same constant over the whole ). O

Remark 3. The most important result of the previous lemma is that the condi-
tional density can be bounded by the same constant over the whole space Q. Of
course, this constant depends on n. Nevertheless, if we look for a probability that
e? falls into an interval, we can evaluate this probability as conditional one over all
sets of division S, except of one on which e? = e(zh). The unconditional probability
(or its upper bound) is then given as the mean value over all these sets. Since the
probability of the event {e = e(h)} is n7 we conclude that the probability in ques-
tion is proportional to the (upper bound of) density and the length of the respective
interval. Moreover, due to the fact that we take mean value over all sets of the divi-
sion S, in this case the corresponding constant (of proportionality) does not depend
on n € N. That is why, at some points of the proofs in the text which follows, we
shall consider the conditional probabilities of some events under the condition that:

2 _ 2
® Cn) = Cio»

o2 2 2
e max{e; e ,...,e} }< €
and
2 2
o min{ef  ,...,ef } > €l
Let us denote this condition C(ig, 1,42, ...,ip—1)-

Theorem 1. Let a € ( ) and let Assumptions A or B and C hold. Further, let
K be a compact subset of RP, 3° € K°. Then /B(LTS ) s \/n-consistent, i. e.

Vn (B(LTS’"”‘) - ﬁo) =0,(1) asn— .

Proof. Let us recall that

BETS.mh) — argmin p(g)
Bek

where
n

(v =T B2 1{r2(®) <8y (8)}].

i=1

Since we already know that B(LTS’"’h), independently of K is consistent, we may
restrict ourselves in the rest of proof, say, on K = B(3°,1) and on a corresponding
subset (say O;) of the space Q (such that for any w € O; SETS™h) € B(p°,1); of
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course, it means simultaneously that we restrict ourselves, without recalling it, on
n which are larger than some n1). We have shown in Part I that

82? = —22 [(Yi —x; B) ;- I{r?(ﬁ) <l (ﬁ)H a.e. (15)

(see (19) of [4]) and so we may write!

dp(B) dp(B)

65 ‘B_B(LTS,n,h) aﬁ ‘5_50

= =2 Zn: [()/z — I;IB(LTS,n,h)) T - ]{rf(B(LTS,n,h)) < T(Qh) (B(LTSA,n,h))}
i=1

~(Yi =l )i 1{r2(8°) <1 (89 }] - (16)

Including into (16)

_|_

(%= aT TS o, 1r380) < 1y (67))

1

7

and taking into account once again (15) together with the fact that ag—(’@

’5:B(LTS,n,h):
= 0 we arrive at

INA
Py
;‘M
—
@0
=
=)
0
S
Z
S~—
——
~
—
=
=0
—
@
o
S~—
IA
<
~
N
@
o
S~—
H,_/
| S

2
LA very first idea can be to find the second derivative 5[3%(5% = =237zl -

I{r?(,@) < ’I’(Qh)(,@)} (along the same lines as it was done for the first derivative in Part I) and
then to use the Mean Value Theorem, see e.g. Hewitt and Stromberg [2]. Unfortunately, the
Assertion 1 of Part I indicates that the sets on which the hAth order statistic among the squared dis-
turbances is represented by the square of one given random variable have “radiuses” approximately
of order % In other words, as follows from the considerations which led to the formula for the
derivative in Part I, the discontinuities of the first (as well as the second) derivative have distance

of order % On the other hand we may expect that (at the best) HB(LTS’”W) — ,BOH = O(nié), S0

that we have to conclude: For this purpose the second derivative is not continuous.
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~1{3(5°) < ()] (17)

We shall study terms of (17) one by one. Let us start with that on the left hand

side. It can be written as (remember that rZ(3°) = e?)

n

1
=3 {ewi- [1{ez < ey} - 1{ed <u2}]} (18)
i=1
1 n 9 5
—|—% Z [eixi . I{ei < ua}] .
i=1
Evidently
Hesdyh-Nd<id)=1 & d<d<d, 19
and
Ha<eyb-Hd<e}=a1 o dy<d<id. (@)
Prior to continuing in proof, let us denote by C(ig,%1,%2,...,in—1,2) the condi-

tion under which C(ég,1,%2,..., in—1) holds (see Remark 3) and ,/e%h) =2z€R
(and for the sake of space and simplicity of notations let us write C(z) instead of
C(ip,i1,%2,.--,%p—-1,2)). Then Lemma 1 of Part I implies that for any v € (0,1)
there is n, € N and a constant K') < oo so that for all n > n,, there is a set A,, so
that P(A,) > 1— v and for any w € A,

2

‘e(h) —ul| < n~2 KW

so that whenever (19) and (20) hold, then for all n > n, and any w € A,, also for
some finite K(2) )
el — ua| <n 2 K@, (21)

Lemma 2 then guarantee that there are K3 < co and K*) < oo such that

P ({—\/% <e; < —ua} ﬂAn\C(z)) =P ({ua <e < e?h)} ﬂAn|C(z))

= K® . f(ua) (2 = ua) + ¢V (22)
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as well as

P ({—ua <e < — e%h)} ﬂAn|C(z)) =P ({ e%h) <e < ua} ﬂAn|C(z))

= KO fug) (uq —2) + ¢ (23)

where ‘
KD <n KW j=1,2. (24)

(Let us recall that, as follows from Lemma 2, K) as well as K4 are the same for
all i =1,2,...,n and z € R.) But (21), (22), (23) and (24) immediately implies

. e [r{er <ty ) -t <2)] 1)
= Ec(s) { [Eei [z{ef < e§h)} —I{e2 < ui}} .I{An}w(z)} }
< Eees) { [—ua tnE K<2>} : [K<3> flua) (2 —ug) + L - K(‘ﬂ
+ ua+ 0 KO KO fua) (2 = wa) + 070 KO
_ [_ua —n .K<2>} . {Kw)  f(ua) (o — 2) — L .K<4>}

_ [ua —n% .K<2>] . [K(:z)  f(ua) (o — 2) — 0L .K<4>} }

where the subscript C(z) indicates that the mean value is taken over the condition
C(z). In this case it means that we should take into account all possible values

of z = ,/e%h) (see Lemma 2). Of course, due to the presence of I{A,} in the

expression the values of z are restricted on {—uq—n"2 K@ —uq+n"2 K@} Ufug —
n"2K® uy+n"zK® }. In the same way we can find the lower bound for the mean
value in question. Finally taking into account that |z — ua| = O(n~2), we conclude
that there is a constant K®) < 0o so that for all n > n, we have

‘Eei [I{e? < e%h)} — I{e? < ui}} T{A}| < n 1K®). (25)

Along similar lines we can find K < oo so that for all n > n,,
var {ei [I{e? < e%h)} —I{e} < ui}] .I{An}} <n zK©, (26)
As a side product of the previous considerations we obtain (for some K7 < oo)
E ‘ [I{el2 < e%h)} - I{e? < ui}} -I{AL}

which we shall need later on. As all z;’s are deterministic, we have

HE{eixi [I{e? < e%h)} —I{e} < “i}} I{A”}}H

<n 2K (27)
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= ||z - ‘E{ei [I{e? < e%h)} —I{e? < ui}} } -I{A,}

and then (25) and (26) imply that there is some K(®) < oo so that for all n > n,,
HE {eixi [I{e? < e%h)} —I{e? < ui}} I{An}}H <n7 Y| | K® (28)
and similarly for any j =1,2,...,p
var {eixij [I{e? < e%h)} —I{e} < ui}} -I{An}} <n” 7@ PK®). (29)

Now (18) can be modified into the form

I_E{eixi [I{ezz ge%h)}—l{e? <u? }H} (30)
e {efem [ s} - =)]}}

Finally, taking into account (29) we conclude that for any A > 0

P ( % XE {ewwyy - [1{e2 < et} — 1{e? < u2}]
e e <t < ]} )| )

< E {A2var Uﬁ Zn: {ewwyy - [1{e2 < ety — 1{e? < u2}]

s e - 14 <]} o]

< ATTEY a? KO (32)

i=1

Then (6) implies that (30) is o,(1). Similarly, employing (28) we find that also

1 & n
ﬁz HE{eixi. {I{ef < e%h)} —I{e} < ui}]}H <n3 3 il - KO,
=1 P

i.e. (31) is o(1). Combining just derived facts we conclude that the left hand side
of (17) is equal to

%Z [eiwi - I{e? <ug}] +op(1) (33)

and taking into account once again (6), we can utilize Central Limit Theorem and
then conclude that the left hand side of (17) is O,(1). (It is clear that it was possible
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to show that the left hand side of (17) is Op(1) in a simpler way. But we shall need
the fact that the left hand side has just the form given in (33) later on.)

Now, let us turn to the terms on the right hand side of (17). The first one can
be written as

%meT [I{e? <ul2} —EI{e} <ull]-vn (B(LTS,n,h) _ 60)
i=1

- Z zizT (1—a)- Vi (B@TSW) - 50) :
Now taking into account (7) and applying the law of large numbers on the sequences

{xijxig [I{e? gui} EI{e <ua}] {A, }}Z .

(for j,£ =1,2,...,p), we conclude that the first term of the right hand side of (17)
is equal to

(Qn (1= ) +op(1)] - v/ (BETS™D — 30 (34)

Let us consider the second term of the right hand side. Taking into account (27),
we obtain for any € > 0
> 5)

1 n
p( 1
n
i=1
<n 3y o PKD, (35)
=1

szm? [I{e? < e%h)} — I{e? < ui}}

<—Z||xz|| Elr{e < et} - 1{et <}

so that the second term is of order o,(1) - v/n (BA(LTS’"JL) - 50).

Now let € and n be positive numbers and denote by J the upper bound of the
density f(z). Due to (6) there is a finite K(®) and n") € N so that for all n > n)

1 & 5 1 — 3
EZH@H <K and anxin < KO, (36)
=1 =1

Let usput 7 = Le-n- [K(g) . J] - Employing Lemma 1 of Part I and Lemma 1 of
this part of paper, we can find n. > n), K19 < o0 and 6. € (0,1) so that for all
n >n. and all § € RP, ||ﬁ — ﬁOH < d. the set

B, = {w €:  sup ‘T(th)(ﬁ) — u, e%hn) —u

n-3 g0 -1
BeB(B,5:)

has probability

P(By) > 1— %g. (37)
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Since B(LTS’"’h) is consistent, there is ns > n. such that for all n > n;
R 1
Cp = {w cQ: H/B@TS’””Z) - /6’0“ < 55} and  P(Co)>1-22  (38)

Now, let us restrict ourselves on n > ng and w € B, N C,, and let us make an idea
when

{2 (BUrsnhy <o (BTSN L 1fi2(50) <08 (8] £0. (39)
If (39) holds then either

rP(BUTSTI) <oy (BETSM)and (%) > 1y (8°) (40)

or
rP (BTSN > ) (BETS) - and rE(8%) <y (8°) (41)

Due to r;(fETSmh)) = ¢; — 2T (B(LTS mh) 60), we immediately find that (40)
holds iff either

r?, (BETS R 4 o f (B@Ts»"vh) — 50) <e < —y/ed (42)

or
VB < e < \Jrd, (BUTS ) g o T (FOTS  g0) (43)
Similarly, (41) holds iff either

—\/%Sei<—\/w+x (5(LTsnh /30> (44)

3 (BTS04 o (BATSAM — 60) <o <\ e, ). (45)

Now taking into account that the event in (42) is a subset of

or

]. 1 1
“Ua = T = n 2 K10 |zt < e < —ug + 12 K10 (46)
we conclude that it has, for n > n() = max{ns, (64K @) . K10 . J . (3en)~1)2},

probability less than L % Of course, we may carry out similar considerations
for all events in (43), ( 4) and (45). Then we obtain for any n > n(y)

< ZHx wTH ){ ﬂ(LTth)) (Qh)(ﬂA(LTS,n,h))}
ff{rfw ) <1880} H{Bu} - H{Ca) > n)

E{ Z ||33z TH ‘ {7, LTth)) (B LTs,n,h))}
~1{r2(8) < vy (80} - 1{B.) - f{cn}} <e. (47)
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So we have shown that

,ZHz 27| - ’{ 5(LTsnh))ST(zh)(B(LTs,n,h))}

—f{n (8°) < 18 (B) }| - 1{Ba 1 Cu} = 0,(1).

Since the last but one term in (17) can be written as

wa o [1{r2(a0msmm) < o, (OTSm |~ 1{r2(8°) < 1 (8]
< {I{Bu} - {Cy} + I{BE} + H{Cs}} - v/ (0TS — )
(47) implies that the last but one term of (17) is equal to
Vi (BETSI  50) 0, (1), (48)

It remains to cope with the last term of (17). For the (substantial) sake of space
let us write (up to the end of the considerations about this term) r(zh) (8) instead

of r(zh)(ﬂA(LTS’”’h)) and A; instead of =} BETS:mh) _ 30) T what follows we shall

carry out the analysis of the last term in (17) in a rough way, in order to show
that it is Op(1). It is due to the fact that at the present moment we are able
to estimate |r(2h) (BLTSmh)y e%h)\ only by means of Lemma 1. When we shall

know that LTS jg \/n-consistent, we will analyze this term better (in order to

establish an asymptotic representation of B(LTS”“}‘)). Similarly as in previous it is

straightforward to find that the difference of indicators

1{r2(g0rsnmy < g (BETSnINL - 1l2(6%) <03 (89} (49)

is equal to one iff

— /r(zh)(@) +A;<e;<—yfef,) or Jef <e < r%h)(ﬁ) + A (50)

and is equal to minus one iff

—\/ ¢ §€i<—\/7‘(2h)(ﬁ)+Ai or 1/T(2h)(ﬂA)+Ai<ei§,/e?h). (51)

The indicators of the events given in (50) and (51) can be further written as

@ aise< - b=l i@ < o< - f )
_I{mm{—\/rfh) o=\ () + A} < e < min{— fe?, . \/T+A}}
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{ 720 (B) + A < e < min{— /17, (3), - %h)}}, (52)
I{\/%«eig r%h)(ﬁwAi}I{\/%mié r?m(ﬁ)}
—I{max{\/:,\/(T+A}<eZ§max{\/ B) /72 +A}}
—|—I{max{\/7\/»}<ez\/7+Az}, (53)
1{ 2y Sei < - rfh)(BHA,}:f{ 2, <ei < r?h)(ﬁ)}
1 {max{\/%,erAi} < e <max{—\/r2, (B). —\[r2, (B) + A, }}
+[{max{m,\/%}§ei<m+Al}, (54)
and

@ +ac<as Jap b =i{ @ <a< Jd,]
—T {mim{\/r%h)(ﬁ), \/T(Zh)(ﬁ) + A} <e < min{\/%, q/T(zh)(B) + Al}}
+I{ T(Zh)(ﬂA) +A;<e < min{,/r(gh) (3), e?h)}} , (55)

So, taking into account that the difference in (49) attains value 1 iff (50) holds
and —1 for (51), the last term of (17) can be written as

o S [Ty B <=} - 1{yf << R}

— S e [T{=\feh, < e < =\ B+ T{ 2B < e <\ Jedy }]

+1{ = \Jrdy(B) + A < e; < min{~ \/T i}
{max{\/:7\/7+A}<eZ§max{\/ (B),/13 (D) + i} }
+I{maX{F \ﬁ}<ez,F+A}
Jr]{max{f\/%,—erAi}§ei<max{—\/r( )o=12 (B) + A }}
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-1 {max{ 1/ (B \/>} <e < — )(5) +A; }
w1 {mim{y /78 51,y () + ) < < mm{ﬁ B+ At}
I{ (ﬁ) +A;<e < mm{,/ e%h)}} : (58)

Taking into account the tables in the proof of Assertion A.2, we can observe that
for each i there is at most one of all indicators in (58) equal to one. Nevertheless,
let us start with the term in (56). Since

H{-VisesoyGu} ot { g cos B} = 1 <t rto @),

(56) can be written as

Zel TI{ <eé? <r (B)} (59)

Let us observe that the indicator in (59) depends, what concerns e;, only on its
square. Moreover, let us recall (once again) that

3(LTS,n.h) —  arg min r 60
3 sm Z (60)

(see (2)), i.e. BLTSmh) depends only on the order statistics of the squared residuals.
Now let us consider any (but fix) wy € Op (for O; see the remark at the beginning
of the proof, the fifth and sixth line of proof). Similar considerations as we have
carried out at the start of the paper then show that there is an h-tuple of indices,
SAY 11 wgs 12,w0 5 - - - 5 Thow, Such that

h

h
arg min ZT(QZ Z ﬁ(LTth)( )) (61)

BEB(B’1)

Let us denote for a moment this value of B(LTS’”J‘) by B(‘UO). The corresponding
squared residuals are (in this notation) equal to

) = (¥ - aTH) (62)

In other words, if we select any other 3 € B(°,1) and any other h-tuple of indices
we obtain the sum of squared residuals equal to or larger than the sum on the
right hand side of (61). Now, let us consider instead of values of disturbances at
point wy, i.e. instead of ej(wp), ea(wo), ..., en(wo), the values e = —eq(wp),es =
—ea(wp), ..., e = —en(wp). Then values of the response variable will be

Y7 =200+ ef = 27 0% — ei(wo). (63)
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Consequently, the squared values of residuals for f(1) = 50 — (B(“O) - ,6’0> will be

20 = (¥ —aTa0) = [aT8 — eifwn) —oF (80— B0 18]
= (vi- x?B<w°>)2 .

In other words, for the symmetric values of disturbances, i.e. for values e} =

—e1(wo), €5 = —ea(wp),..., el = —en(wp), we have found that values of squared
residuals (for 3 = (V) = g% — (p0) — 39)) are the same as the squared values of
the “original” residuals and the “new” (TS0 namely SV, is symmetric, around

3%, to the “original” BLTSmh) — 3(wo) Qo the interval given in the indicator in
(59) is the same for “original” disturbances as well as for “symmetric” ones. So
we conclude that the distributions of random variables e;x; I {e%h) <el< r(Qh) (8},
it =1,2,...,n are symmetric and (6) then implies that their mean values exist and
are equal to zero. Now, due to the consistency of BILTSmh) applying Lemma 1 for
any positive n we can find n, > ns (see (38)) so that for all n > n,

{e%h) <e?< r%h)(ﬁ)} NB,NC, C {ui —n K10 gl < e? <u? +77} (64)

(let us recall that by J we have denoted the upper bound of the density f(z); for
K19 B, and C, see the part of this proof between (36) and (38)). Since n was
arbitrary, (64) implies that for any positive v, there is n,, > n,; so that for all n > n,,

var (esad {efyy < € <8y (D)} Innc,) <v- (1+7). (65)

Considerations, similar to those which produced (32) (of course, with a condition,
say, C(z,y) which assumes, in addition to C(z) also T(Qh)(ﬁ) = y) allow to apply
conditional Tchebyshev inequality on the triangular array of random variables

(etrfi =<y ), -

i=1

and due to the fact that v was arbitrary we can conclude that (56) is O,(1). Along
the same lines we find that the same is true for (57). Hence both these terms “can
be moved” on the left hand side of (17).

It remains to study (58). Unfortunately, the terms in (58) have not mean values
equal to zero. Hence we have to study the terms of the type

;ﬁi {ex {I{ B+ A< e < min{m,\/%}}
EI{ r%h)(ﬁ)+Ai§ei<min{\/7m7\/%}H}. (67)

First of all, taking into account the tables from the proof of Assertion A.2 once
again, we observe that the length of all intervals inside the indicators in (58) is less
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or equal to A;. Then, due to Lemma 1, performing considerations about condi-
tional probabilities of the events in question similar as in previous (see the proof of
Theorem 1 of [4]) we find that

P ({_W+Ai <e < min{—m,—\/%} “Ip,nc,)

= [f(ua) +0(D)]- A = [f(ua) +o(1)] -2 (ETS™) — ).

Now, employing Lemma 1 once again we conclude that

le; — ual -I{ — ,/T(Zh)(ﬁ) +A;<e < min{—\/r(zh)(ﬁ), — /e%h)}} I, nc, =o(1)

(notice that due to the fact that on B, ein as well as ’F}QM are bounded, the previous
expression is really o(1) not only 0,(1); we shall need it for the next step). Finally
we arrive at

Eeixif{ - \/T(Qh)(é) +A;<e < min{—y/r(zh)(ﬁx - /e?h)}} “Ip.nc,

= [2uaf(ua) + o(1)] zsaT (B@Tsmvm - ﬁO) . (68)

Of course, the analysis of the mean value of other terms from (58) is in fact the
same. Then the analysis of the terms of type (67) is very similar to the analysis of
(56).

Finally, let us denote the sum of mean values of terms given in (58) by T,,. Now
recalling that we have observed that for any ¢ = 1,2,...,n at most one indicators
in (58) is nonzero and taking into account (68), we can conclude that there is R,, so
that

|Rn| < Quaf(ua)

for all n € N and
T = Q- (Ra+ 0p(1)) - v/ (BTS2 — %) — 0,(1).
So, the analysis of (17) is finished. It yields that
0p(1) = {(Q+0,(1)) - [(1 = @) = Ral} - v/ (BITS20) — 0.

From the assumption that f(z) is strictly decreasing on R, we have 1 — a >
2uq f(uq) (it is immediately clear from the graph of f(z)). So, finally utilizing
Lemma A.3 we conclude the proof. O
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APPENDIX

Lemma A.1. Let for some p € N, {Y™}e = YO = {v }j 1’21"”7’1) be a se-
quence of (p X p) matrices such that for i =1,2,...,pand j = 1 2,.

lim v( " = Gij in probability (A.69)
n—oo
where ) = {q”}f 11 22""”’ is a fixed nonrandom regular matrix. Moreover, let

{6(™12>2 | be a sequence of p-dimensional random vectors such that

3 (> 0)V (K >0) limsup P (||9<">|| > K) > e (A.70)
Then
I3(56>0) V(L>0)
so that

limsup P (HV("

n—oo

)>6.

For the proof see [3].

Assertion A.1. Let a,b € (0,00), A € R. Then

I{-a+A<e<-b}=I{-a<e<-b}
— I {min{—a,—a+ A} < e < min{-b, —a+A}}
+I{—a+ A <e<min{—a,-b}}, (A.71)

(min{—a, —a + A}, min{-b, —a + A}) C (—a, —a + A) (A.72)

and
(—a+ A min{—a,-b}) C (—a+ A, —a). (A.73)

Further we have

Ib<e<a+A}=I{b<e<a}
— I {max{b,a + A} < e <max{a,a+ A}}
+I {max{a,b} <e<a+A}, (A.74)

(max{b,a + A}, max{a,a + A}) C (a + A,a) (A.75)

and
(max{a,b},a+ A) C (a,a+ A). (A.76)
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Similarly
I{-b<e<—-a+A}=IT{-b<e<a}
—I {max{—b,—a+A} < e < max{—a,—a+A}}
+I {max{—a,—b} <e < —a+A}, (A.77)
(max{—b, —a + A}, ax{—a,—a+A}) =0 (A.78)
and
(max{—a,—b},—a+ A) C (—a,—a + A). (A.79)
Finally
I{a+A<e<b}=I{a<e<b}
— I'{mim{a,a + A} < e <min{b,a + A}}
+I{a+ A < e <min{a,b}}, (A.80)
(mim{a,a + A}, min{b,a + A}) C (a,a + A) (A.81)
and
(a + A,min{a,b}) C (a+ A, a). (A.82)

Proof. We shall consider successively all possible cases. Let us start with (A.71)
and let us abbreviate the left hand side by

To=1{-a+A<e<—b}
and the terms of the right hand side by
Ty =I{-a<e<-=b}, To=I{min{—a,—a+ A} <e<min{-b,—a+ A}}

and

Ts=I1{—a+ A <e<min{—a,—e}}.

Then
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Table Al.

a<b

T T Ty Ty
b<e<-a<—-a+A 0 0 0 0
b<—-a<e<—a+A 0 0 0 0
-b<e<—a+A< —a 0 0 0 0
b< —a+A<e< —q 0 0 0 0
—a+A<e<-b< —a 1 0 0 1
—a+ A< -b<e< —q 0 0 0 0

b<a
—a<e<-b<—-a+A 0 1 1 0
—a<-b<e<—a+A 0 0 0 0
—a<e< —a+A<-b 0 1 1 0
—a<—a+A<e<-b 1 1 0 0
—a+A<e<—a<-b 1 0 0 1
—a+ A< —a<e<-b 1 1 0 0

Similarly for (A.72) let us denote

I, = (min{—a, —a + A}, min{—b, —a + A})

and for (A.73)

I, =(—a+ A min{—a,-b}).

Then we have

Table A2.
a<b
I I
-b<—a<—-a+A (—a,—b) =10 (—a+A,=b)=10

—-b<—-a+A<—a

(—a+A,=b)=10

(7G+A7*b) =0

—a+A<-b< —a

(—a+ A, —a+A)=10

(—a+A,=b) C (—a+ A, —a)

b<a

—a<-b< —-a+A

(—a,=b) C (—a,—a+ A)

(—a+A,—a) :@

—a<—-a+A<-b

(—a,—a+ A)

(—a+A,—a)=10

—a+A< —-a< b

(—a+A,—a+A)=10

(—a+ A, —a)
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Let us continue with (A.74). Abbreviating the left hand side again by
To=I{b<e<a+A}
and the terms of the right hand side by
Ty =I{b<e<<a}, Tp=I{max{b,a+ A}, max{a,a+ A}}

and
T3 = I {max{a,b},a+ A}}.

Then

Table A3.

a<b
Ty T Ty 15
a<e<b<a+A 0 0 0 0
a<b<e<a+A 0 0 0 1
a<e<a+A<D 0 0 0 0
a<at+A<e<b 0 0 0 0
a+A<e<a<d 0 0 0 0
a+A<a<e<b 0 0 0 0

b<a
b<e<a<a+ A 1 1 0 0
b<a<e<a+ A 1 0 0 1
b<e<a+A<a 1 0 0 1
b<a+A<e<a 0 1 1 0
a+A<e<b<a 0 0 0 0
a+A<b<e<a 0 1 1 0

Similarly for (A.75) let us denote
I = (max{b,a + A}, max{a,a + A})

and for (A.76)
I, = (max{a,b},a + A}).

Then we have
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Table A4.
a<b
I I
a<b<a+A (a+Aja+A)=10 (bya+ A) C (a,a+ A)
a<a+A<b (bya+A)=10 (bya+A)=10
a+A<a<b (b,a) =10 (b,a+A)=10
b<a
b<a<a+A (a+Aa+A)=0 (a,a+ A)
b<e<a+A<a (a+Aja+A)=10 (a,a+A)=10
b<a+A<a (a+Aa) (a,a+ A)=10
a+A<b<a (b,a) C (a+ A,a) (a,a+A)=10
The rest of proof runs along similar lines. ]
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